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D. Area-Under-Curve Table
We provide the Area-Under-the-Curve tables for the case when clean auxiliary data is available. These were omitted from
the main text due to space constraints.

Flip
Dataset % Clean Forward Clean Distill GLC k-NN k-NN Classify Full

5 4.83 3.16 2.96 2.35 2.1 2.52 2.92
Letters 10 4.45 2.52 2.12 1.92 1.8 2.06 2.49

20 3.85 2.07 1.78 1.56 1.58 1.42 1.93
5 7.91 1.93 3.21 2.16 1.34 3.97 4.31

Phonemes 10 7.95 1.54 2.75 1.69 1.22 3.64 3.96
20 7.89 1.34 1.97 1.35 1.16 2.87 3.28
5 5.27 0.56 3.89 0.53 0.52 5.15 4.95

Wilt 10 5.63 0.44 3.14 0.43 0.41 4.86 4.84
20 5.18 0.34 2.67 0.35 0.34 4.23 4.32
5 5.13 4.33 5.56 4.39 3.64 5.11 4.88

Seeds 10 5.02 3.38 4.58 3.19 2.65 4.9 4.73
20 4.41 2.56 3.57 2.65 2.09 4.23 3.86
5 5.25 3.38 5.15 4.03 3.02 4.32 4.43

Iris 10 5.06 2.53 4.58 2.24 2.17 3.98 4.08
20 4.46 1.51 3.45 1.38 1.46 3.36 3.53
5 5.17 3.55 4.49 4.1 3.36 5.34 5.35

Parkinsons 10 5.43 3.38 4.25 3.44 3.32 5.27 5.13
20 5.19 3.02 3.94 3.05 2.95 4.99 5.06
5 3.6 0.69 1.91 0.5 0.44 3.46 3.49

MNIST 10 3.22 0.5 1.5 0.42 0.35 3.1 3.14
20 2.48 0.35 0.86 0.34 0.27 2.36 2.41
5 3.55 1.87 2.55 1.59 1.6 3.3 3.31

Fashion MNIST 10 3.14 1.71 2.13 1.53 1.54 2.92 2.99
20 2.38 1.56 1.54 1.46 1.46 2.17 2.27
5 7.14 7.2 7.12 5.52 5.35 6.71 7.12

CIFAR10 10 6.82 6.56 6.72 5.62 5.32 6.48 6.83
20 6.62 5.59 5.9 5.16 4.85 6.1 6.56
5 10.79 10.24 10.03 9.64 9.66 9.2 9.29

CIFAR100 10 10.81 9.89 9.68 9.46 9.63 9.1 9.25
20 10.8 9.44 9.13 8.97 9.17 8.92 9.09
5 5.6 3.65 4.09 2.17 2.05 5.23 5.52

SVHN 10 5.5 2.28 3.72 2.29 1.48 4.96 5.29
20 4.85 1.83 3.09 1.9 1.19 4.34 4.82

Table 2. AUC for Flip corruption type.
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Hard Flip
Dataset % Clean Forward Clean Distill GLC k-NN k-NN Classify Full

5 3.77 3.17 2.1 1.83 1.82 1.82 2.52
Letters 10 3.63 2.52 1.85 1.6 1.6 1.64 2.36

20 3.35 2.05 1.62 1.38 1.41 1.42 2.04
5 6.6 1.92 1.77 1.96 1.2 1.78 2.7

Phonemes 10 6.73 1.55 1.61 1.6 1.15 1.62 2.58
20 6.36 1.33 1.45 1.3 1.14 1.38 2.28
5 4.6 0.55 0.73 0.58 0.39 0.98 1.9

Wilt 10 4.78 0.43 0.66 0.43 0.31 0.78 1.81
20 5.63 0.34 0.61 0.36 0.3 0.57 1.49
5 2.94 4.06 3.63 3.91 2.99 2.84 3.01

Seeds 10 2.75 3.42 2.96 3.14 2.25 2.69 2.86
20 2.85 2.53 2.25 2.57 1.62 2.43 2.49
5 2.9 3.29 3.13 4.1 2.32 1.14 1.35

Iris 10 2.6 2.34 2.02 1.86 1.15 0.91 1.16
20 2.51 1.84 1.48 1.34 0.58 0.65 1
5 4.98 3.71 3.56 4.59 3.68 3.28 3.63

Parkinsons 10 5.24 3.26 3.1 3.37 3.11 3.12 3.82
20 5.1 2.98 3.01 2.98 2.96 2.91 3.47
5 2.03 0.69 0.78 0.22 0.29 0.65 2.14

MNIST 10 1.86 0.5 0.67 0.21 0.26 0.48 1.98
20 1.54 0.35 0.53 0.2 0.22 0.36 1.67
5 2.3 1.87 1.62 1.44 1.48 2.31 2.4

Fashion MNIST 10 2.14 1.71 1.52 1.41 1.46 2.19 2.22
20 1.92 1.56 1.43 1.38 1.41 2.04 1.97
5 5.08 7.13 5.85 3.76 4.27 4.33 4.96

CIFAR10 10 4.89 6.53 5.3 3.91 4.4 4.21 4.89
20 4.77 5.45 4.68 3.51 3.82 4.03 4.75
5 10.64 10.23 9.88 8.58 8.98 7.48 8.04

CIFAR100 10 10.65 9.89 9.38 8.56 9.19 7.44 7.99
20 10.66 9.41 8.65 8.07 8.81 7.33 7.9
5 3.04 4.17 2.16 0.89 1.35 2.32 3.04

SVHN 10 2.98 2.41 2.01 0.88 1.04 2.16 2.98
20 2.7 1.85 1.54 0.98 0.98 1.83 2.74

Table 3. AUC for Hard Flip corruption type.
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E. Additional Plots
We provide the plots that were omitted from the main text due to space constraints.

E.1. Plots for Experiments with Clean Auxiliary Data

Figure 6. Plots for UCI Phonemes dataset at 10, 20% clean data and all corruption types.

Figure 7. Plots for UCI Letters dataset at 5, 10, 20% clean data and all corruption types.


