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Dataset Classes Trainsize Testsize Evaluation metric
Food-101 102 75,750 25,250 accuracy
CIFAR-10 10 50,000 10,000 accuracy
CIFAR-100 100 50,000 10,000 accuracy
Birdsnap 500 42,283 2,149 accuracy
SUN397 397 19,850 19,850 accuracy
Stanford Cars 196 8,144 8,041 accuracy
FGVC Aircraft 100 6,667 3,333 mean per class
Pascal VOC 2007 Classification 20 5,011 4,952 11-point mAP
Describable Textures 47 3,760 1,880 accuracy
Oxford-IIIT Pets 37 3,680 3,669 mean per class
Caltech-101 102 3,060 6,085 mean-per-class
Oxford Flowers 102 102 2,040 6,149 mean per class
MNIST 10 60,000 10,000 accuracy
Facial Emotion Recognition 2013 8 32,140 3,574 accuracy
STL-10 10 1000 8000 accuracy
EuroSAT 10 10,000 5,000 accuracy
RESISC45 45 3,150 25,200 accuracy
GTSRB 43 26,640 12,630 accuracy
KITTI 4 6,770 711 accuracy
Country211 211 43,200 21,100 accuracy
PatchCamelyon 2 294,912 32,768 accuracy
UCF101 101 9,537 1,794 accuracy
Kinetics700 700 494,801 31,669  mean(topl, top5)
CLEVR Counts 8 2,000 500 accuracy
Hateful Memes 2 8,500 500 ROC AUC
Rendered SST2 2 7,792 1,821 accuracy
ImageNet 1000 1,281,167 50,000 accuracy

Table 2. Datasets examined for linear probes. We note that, for the Birdsnap and Kinetics700 datasets, we used the resources that are
available online at the time of this writing.

a supervised representation to collapse intra-class details
and hurt accuracy on a fine-grained downstream task. As
mentioned, CLIP still underperforms the EfficientNet on
several datasets. Unsurprisingly, the dataset that the Effi-
cientNet does best relative to CLIP on is the one it was
trained on: ImageNet. The EffcientNet also slightly outper-
forms CLIP on low-resolution datasets such as CIFAR10
and CIFAR100. We suspect this is at least partly due to the
lack of scale-based data augmentation in CLIP. The Effi-
cientNet also does slightly better on PatchCamelyon and
CLEVRCounts, datasets where overall performance is still
low for both approaches.
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Figure 9. CLIP’s features outperform the features of the best
ImageNet model on a wide variety of datasets. Fitting a linear
classifier on CLIP’s features outperforms using the Noisy Student
EfficientNet-L2 on 21 out of 27 datasets.
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Table 3. Linear probe performance. Scores within the 99.5% Clopper-Pearson confidence interval of each dataset’s top score are shown in
bold.
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Figure 11. Visualization of predictions from 36 CLIP zero-shot classifiers. All examples are random with the exception of reselecting
Hateful Memes to avoid offensive content. The predicted probability of the top 5 classes is shown along with the text used to represent
the class. When more than one template is used, the first template is shown. The ground truth label is colored green while an incorrect
prediction is colored orange.
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Table 4. Zero-shot performance of CLIP models over 27 datasets.
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Figure 12. CLIP’s zero-shot performance compared to linear-probe ResNet performance






















































