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Appendix A. Hyperparameters

The full list of hyper-parameters is presented in Table1.

Parameters Settings

Replay buffer capacity 106

Action repeat 2
Initial steps 1000

Stacked frames 3
Encoder learning rate 1e−4

Actor learning rate 1e−3

Critic learning rate 1e−3

Batch size 128
Discountγ 0.99
Optimizer Adam

Transfer update interval 100
Encoder update intervals 100

Table 1: Default set of hyper-parameters used in our experiments

Appendix B. PlaNet benchmark

Scores achieved by Our methods (mean standard deviation for 10 seeds) and baselines on
DMControl500k and 1DMControl100k. Our method achieves state-of-the-art performance
on the majority (8 out of 12) environments benchmarked on DMControl500k. The baselines
are DrQ, CURL, PlaNet, Dreamer, SAC+AE, SLAC, and state-based SAC.
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Figure 1: The PlaNet benchmark
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